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ABSTRACT 

In a collaborative learning environment involving strategic alliances, the process of 
integration is critical. The main objective of this research is to conduct a comprehensive examination 
of dynamic integration capabilities, particularly in the context of learning within strategic alliances. 
The research utilized a quantitative method. Survey was conducted through online to 83 respondents 

from 83 strategic alliances within a public institution in Indonesia. Additionally, interviews with 
some respondents were organized to deepen the understanding of research findings. The research 
reveals that dynamic integration capability has a positive correlation with the performance of strategic 
alliances. Furthermore, it indicates that all constructs within the learning framework significantly 

impact dynamic integration capabilities. Among these, the construct of knowledge acquisition shows 
the strongest correlation with dynamic integration capability (t-value of 2.212 and a p-value of 0.014). 
This research is groundbreaking as it is the first to empirically examine all the learning framework’s 
constructs, which includes relationship capital, surfacing, joint learning structure, and knowledge 

acquisition, in relation to dynamic integration capability and strategic alliance performance. The 
paper also discusses the implications for developing dynamic integration capabilities through strategic 
alliances, particularly in the area of learning. 
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INTRODUCTION 

In Industry 4.0, companies focus not only on technology but also on their capability to 
adapt, especially related with organizational structure and culture (Schuh, Dumitrescu, Kruger, & 
Hompel, 2020). Gonzales-Perez and Ramirez-Montoya (2022) highlight that Education 4.0 relies 
on digital strategies, digital security, and robust infrastructure. This obliges employee’s 
competence to fit in with current market conditions and enhance relevant skills, encouraging 
companies to customize their learning methods and ecosystems. Contrast to industry 4.0, the 
industry 5.0 underlining research and innovation. According to Rada (2017), innovation is key to 
shifting towards a sustainable, human-centric, and resilient industry (Breque, Nul, & Petridis, 
2021). Roblek, Meško, and Podbregar (2021) highlight that Industry 5.0 is strongly correlated to 

Society 5.0, which advances discussions on cyber-physical systems while improving the 
relationship between people and technology to improve quality of life and guarantee sustainable 
development. An illustration of this trend is the use of Artificial Intelligence (AI) in talent 
development, as illustrated by Fu and Ji (2024) in their study of China’s Triple Helix model, which 
delves into the functions of government and universities in AI talent development and their 
outcomes (AI development, enrolment, and faculty). 



The integration capability is the crucial factor, which mediates the organization’s resources 
and positively impact its performance and value (Rashidirad and Salimian, 2020; Jiang, Mavondo, 
and Matanda, 2015; Mikalef and Pateli, 2017). It is necessary for organizations to have both 
managerial and technological capabilities to improve their integrative capacity and create value 
through performance enhancement (Rashidirad and Salimian, 2020; Jiang, Mavondo, and 
Matanda, 2015; Mikalef and Pateli, 2017). Integrating capability refers to a company’s ability to 
combine knowledge acquired into its operational capabilities. This process produces a shared 
understanding and collective sense-making, leading to improved performance and value creation 
(Rashidirad and Salimian, 2020; Mikalef and Pateli, 2017; Jiang, Mavondo, and Matanda, 2015; 
Pavlou and El Sawy, 2011). Eventually, integrating capability authorizes organizations to generate 
value by combining, acquiring, and utilizing resources from their alliances. 

Learning skills have become crucial competencies within organizations, work side by side 

with literacy skills and life skills (Gonzales-Perez and Ramirez-Montoya, 2022). Organizations 
need these learning skills to improve their dynamic capabilities, and making them more responsive 
and adaptive to environmental changes. Learning skills contain all the creativity and innovation, 
critical thinking, problem-solving, communication, and also collaboration. According to Furnival, 
Boaden, and Walshe (2019), collaboration between firms allows them to blend their resources to 
generate value by securing the alignment of their assets. This collaborative work can be considered 
as a competitive strategy for organizations. Performance and innovation enhancements are 
important for private companies and public institutions that aim to continue competitive and 
sustainable (Hijal-Moghrabi, Sabharwal, and Ramanathan, 2020). Public institutions require to 
operate efficiently and improve public services and innovation to generate public value, which 
eventually enhances their service performance and governance as competitive advantages (Popa, 
Dobrin, Popescu, and Draghici, 2011). However, public institutions encounter various challenges 

when adopting technology to set up a digital government. Chen and Hsieh (2014) determined these 
challenges across three main areas: technological, organizational, and social aspects. The 
challenges applied to the social aspect entail culture, society, the digital divide, legal and economic 
factors, human resources, and the readiness of both public officials and citizens to adapt. Many 
individuals have trouble with a lack of skills and expertise, as well as problems related to leadership 
and reliability, as noted by Arief, Wahab, and Muhammad (2021). To manage these problems, 
there is a need for a transformation in human capital and an organizational readiness for change. 
This includes the capacity to handle the potential negative effects on employee performance that 
may occur from the transformation process (Chrisanty et al., 2021). Furthermore, technology 
adoption has a positive effect on the resilience of small and medium-sized enterprises (SMEs) in 
Indonesia and Malaysia (Lestari et al., 2024). 

The learning framework includes four elements: relationship capital, surfacing, joint 

learning structures, and knowledge acquisition (Morrison and Mezentseff, 1997). The process of 
learning requires repetition and experimentation that is related and achieved from the 
organizational internal and external environment (Rashidirad and Salimian, 2020). Process 
learning can be implemented internally by having multifunctional employee training, knowledge 
database maintenance, and knowledge sharing. The external process learning is by having 
relationships with customers and suppliers and the international joint venture that can customize 
the business direction (Rashidirad and Salimian, 2020). Therefore, the learning framework 
contains the process that comes from both internal and external learning. The first construct in the 
learning framework is relationship capital, which is a unique relationship on a personal or 
company level and is develop by mutual trust, respect, friendliness, and a closely interactive 
relationship featuring both mutual respect and trust (Paul, Robert, Benn, and Kenneth, 2006). 
Kurniasari and Lestari (2024) found that customer trust impacted the technology of ERP System 

Managerial Adoption. The second construct is surfacing, which is the way people learn to surface, 
challenge, and adapt the mental models referred to assumptions, images, and generalizations to 
acknowledge the world and the actions they will take (Morison and Mezentseff, 1997). The third 
construct is a joint learning structure, and based on Galeazzo, Furlan, and Vinelli (2016) is a 
structure for sharing knowledge among both parties (the firms and their strategic partners). The 
last construct is knowledge acquisition, which is a process of grouping external knowledge 



acquisition into direct market exchange and cooperation agreements or strategic alliances (Ortiz, 
Donate, and Guadamillas, 2018). Chrisanty et al (2023) found that all constructs in the learning 
framework influence the dynamic learning capability. However, most previous research didn’t 
examine all the constructs in the learning framework together in creating the dynamic integration 
capability, especially in learning areas that involve strategic alliances. They have tested the 
constructs partly in different research’s frameworks. They also usually examined the constructs 
in a business framework since the strategic alliance activity is usually conducted by a company to 
increase its performance. This research empirically studies all the constructs in the learning 
framework that impact dynamic integration capability and strategic alliance performance. 

The public institution intentions to enhance its competitive advantage by establish strategic 
alliances (domestically and internationally) in the domain of learning. Consequently, the 
institution's dynamic capability takes part in a crucial role in enabling these strategic alliance 

activities. This research was performed within public institutions in Indonesia and pursues to 
answer the research question: How does dynamic integration capability can impact strategic 
alliance performance within a comprehensive learning framework that includes relationship 
capital, surfacing, joint learning structure, and knowledge acquisition?. The research is arranged 
into several segments: a literature review and hypotheses, methodology, analysis and research 
results, including the conclusion, which contains managerial recommendations, limitations, and 
the future research’s directions. 

 
 
LITERATURE REVIEW 
 
Relationship Capital Creating Dynamic Integration Capability 

 
The first construct in the learning framework is relationship capital which consists of trust 

and relationship commitment that can indirectly influence the alliance performance based on 
Shan, Dan, and Qiu (2018). The benefit of having a good relationship is not only for reducing 
transaction and supervision costs but also for acquiring unique knowledge (Lenart-Gansiniec, 
2016). A company’s good relationship is the ability to coordinate with all related parties since 
based on Paul, Robert, Benn, and Kenneth (2006), the interpretation of relationship capital is a 
unique relationship built by mutual trust, respect, and friendliness as well as a closely interactive 
relationship featuring mutual respect and trust between.  

 
Coordination also becomes important for the company and should be conducted by the 

leader (Osterberg, 1993). Nguyen, Mai, and Nguyen (2021) also found that coordination, 

commitment, trust, and frequency of interaction have a significant impact on inter-organizational 
relationship performance. It all indicates that the management coordination role through the 
relationship with all the parties including their strategic alliances is important for the organization 
and their alliance performance. Therefore, this study tested the effects of relationship capital 
together with other constructs in the learning framework to dynamic integration capability 
empirically, especially in public institution’s learning areas. Correspondingly, we can conclude 
that: H1: Relationship Capital is positively related to dynamic integration capability. 

 
Surfacing Creating Dynamic Integration Capability 
 

The second construct in the learning framework is surfacing. Morison and Mezentseff 
(1997) defined the surfacing as the way people learn to surface, challenge, and adapt the mental 

models related to assumptions, images, and generalizations to understand the world and know 
what actions that they will take. 

The learning process in surfacing is acquiring, encoding, sharing, and internalizing 
proprietary technology or information related to alliance and alliance management (Yue, Hua, 
and Quan, 2018). Yue, Hua, and Quan (2018) mention that the process of acquiring is the process 
of information or proprietary technology translation from individuals into implicit or explicit 



information. The information or knowledge acquisition will be shared with other employees or 
managers with the next process called encoding. The creation and use of information resources 
with examples: alliance criteria, lists, or manuals to procure action or decisions for a future alliance 
condition (Yue, Hua, and Quan, 2018). The following process is the information sharing process. 
The information sharing process is the knowledge exchange and sharing process with individuals 
in related interior departments in the enterprise (Yue, Hua, and Quan, 2018). The last process is 
information internalization. The information internalization is a process to expedite an 
organization’s alliance proprietary technology to become individual information (Yue, Hua, and 
Quan, 2018). Therefore, surfacing has an impact on dynamic integration capability and strategic 
alliance performance. This study tested the effects of surfacing together with other constructs in 
the learning framework on dynamic integration capability empirically, especially in public 
institution’s learning areas. Correspondingly, we can conclude that: 

 
H2: Surfacing is positively related to dynamic integration capability. 

 
 
Joint Learning Structure Creating Dynamic Integration Capability 
 

The third construct is the structure for sharing knowledge for both the company and its 
strategic alliances. The organizational learning structure consists of strategic alignment, goals 
management systems, and teamwork for problem-solving (Galeazzo, Furlan, and Vinelli, 2016). 
Galeazzo, Furlan, and Vinelli (2016) defined, first, the strategic alignment as a process to enhance 
the company’s capability through products and process improvement. Second, the teamwork for 
problem solving is the team in an organization that has a mutual understanding of, a common 

language and improves the organizational climate to solve problems. Third, the goals management 
system is the way of organization achieves its goals by shaping decisions and actions rewards and 
incentives. It all indicated that the company needs to create a system that will achieve the 
company's goal by influencing the employee's decisions and actions through rewards and 
incentives. 

Therefore, the joint learning structure has an impact on dynamic integration capability and 
strategic alliance performance. This study tested the effects of surfacing together with other 
constructs in the learning framework to dynamic integration capability empirically, especially in 
public institution’s learning areas. Correspondingly, we can conclude that: 

 
H3: Joint Learning Structure is positively related to dynamic integration capability. 

 

 
Knowledge Acquisition Creating Dynamic Integration Capability 

The last construct in the learning framework is knowledge acquisition. The knowledge 
acquisition consists of direct market exchange and cooperation agreements or strategic alliances 
(Ortiz, Donate, and Guadamillas, 2018). Direct market exchange (contracting) is the fastest 
acquisition characteristic that is conducted through external research and development and direct 
acquisition (licensing and consulting, recruitment of staff with specific knowledge, and company 
acquisition (Davenport and Prusak, 1998). The other dimension is cooperation agreement. The 
cooperation agreement is the acquisition method for complex and specialized knowledge and 
requires development in the learning area (Savino et al., 2017). 

Therefore, knowledge acquisition has an impact on dynamic integration capability and 
strategic alliance performance. This study tested the effects of surfacing together with other 

constructs in the learning framework to dynamic integration capability empirically, especially in 
public institution’s learning area. Correspondingly, we can conclude that: 

 
H4: Knowledge Acquisition is positively related to dynamic integration capability. 

 
 



 
The Dynamic Integration Capability Creating Strategic Alliance Performance 
 

Two other constructs outside the learning framework are dynamic integration and strategic 
alliance performance. The integrating capability is the company’s ability to combine knowledge, 
acquired by learning capabilities and deploying resources available in business alliances into a 
company’s operational capabilities by creating shared understanding and collective sense-making 
which leads to performance improvement and creating value (Rashidirad and Salimian, 2020; 
Mikalef and Pateli, 2017; Jiang, Mavondo, and Matanda, 2015). The integrating capability can 
create value by combining, acquiring, and deploying resources from the alliances. Rashidirad and 
Salimian (2020) also found that learning capability has a positive impact on a company’s ability to 
create value. The performance especially the strategic alliances need to be measured from time to 

time since the feedback will give suggestions for improvement in some of the critical areas. The 
measurement of alliance performance can be conducted with two methods which are the objective 
method by analyzing the secondary data (Glaister and Buckley, 1998), and the subjective method 
by asking the person directly involved in handling the day-to-day alliance matters (Dhaundiyal 
and Coughlan, 2020). 

From all the literature above, the empirical study is only on dynamic integration capability 
and strategic alliance performance but has never been empirically tested together with other 
constructs in the learning framework, especially in the learning area. In addition, also to answer 
the Research Question: "Do the dynamic integration capabilities affect strategic alliance's 
performance?”, the proposed hypothesis research is: 

H5: Dynamic integration capability is positively related to strategic alliance performance.  
 

The research model can be seen in Figure 1. The research model and summary of the five 
hypotheses are: 
H1 Relationship Capital is positively related to Dynamic Integration Capability  
H2 Surfacing is positively related to Dynamic Integration Capability  
H3 Joint Learning Structure is positively related to Dynamic Integration Capability  
H4 Knowledge Acquisition is positively related to Dynamic Integration Capability  
H5 Dynamic Integration Capability is positively related to Strategic Alliance Performance  
 
 
 
 
 



 
           Source: Authors self-work 

 
Figure 1. Research Model 

 

 
RESEARCH METHODS 

 
Measures 

The variable measurements for each construct were adapted from previous studies. The 
strategic alliance performance variable measurement was adapted from Dhaundiyal and Coughlan 
(2020),  the dynamic integration capability variable measurement was adapted from Rashidirad 
and Salimian (2020), relationship capital variable measurement was adapted from Nguyen, Mai, 
and Nguyen (2021), surfacing variable measurement was adapted from Yue, Hua, and Quan 
(2018), joint learning structure variable measurement was adapted from Galeazzo, Furlan, and 
Vinelli (2016), knowledge acquisition variable measurement was adapted from Ortiz, Donate, and 
Guadamillas (2018). All the constructs in this study are the Strategic Alliance Performance (SAP) 

construct; Dynamic Integration Capability (DIC) construct; Relationship Capital (RC) construct 
with Trust and Commitment as its dimensions; Surfacing (S) construct with Information 
Acquisition, Information Encoding, Information Sharing, and Information Internalization as it’s 
dimensions; Joint Learning Structure (JLS) construct with Strategic Alignment, Teamwork for 
Problem-Solving, and Goal Management System as it's dimensions; Knowledge Acquisition (KA) 
with  Direct Exchange Acquisition and Alliances as it’s dimensions.  

The seven-point Likert scale ranging from (1) “strongly disagree” to (7) “strongly agree” 
was used to measure each variable. All questions were adjusted with the public institution context 
and through wording tested before going to the pre-test by 35 respondents (all have the same profile 
as the target respondents). From the pre-test result, the questioners have good reliability and 
validity figures and didn’t need any changes. The final questioners can be seen in the appendix. 
 
Sample and Data Collection 

The online survey was conducted on 127 strategic alliances from both domestic and foreign 
entities (90 domestic and 37 foreign), and since those 127 strategic alliances are the whole 
population, then we used the non-probability sampling technique. The questioners are filled by the 
person in charge that comes from the list of strategic alliances of a public institution. All the 
strategic alliances have active collaboration status with the public institution. The online survey 
was sent to each of the 127 strategic alliances to their institution’s email, and the process of data 



gathering was followed also by email reminders. The response rate is 65% since 86 of 127 strategic 
alliances were repossessed. From 86 strategic alliance respondents, only 83 strategic alliances were 
counted in this research since three strategic alliances were categorized as outliers (incomplete data 
more than 10%). The respondents mostly come from public institutions (44 respondents) and have 
been established for more than 20 years held more than five years term agreements (35 
respondents), and collaborated with public institutions for more than three years (45 respondents). 
The detailed respondent information can be seen in Table 1. Respondent Profile. 

 
Table 1: Respondents Profile 

 
Profile Percentage Items 

1. Type of Ownership   

Public Institution 53.01 44 

Private Organization 31.33 26 

Others 13.25 11 

Not Available 2.41 2 

2. Establishment    

> 20 years 83.13 69 

Between 6-20 years 14.46 12 

< 5 years 0 0 

Not Available 2.41 2 

3. Agreement Period Term   

> 5 years term agreement 42.17 35 

2-5 years term agreement 38.55 32 

< 2 years term agreement 16.87 14 

Not Available 2.41 2 

4. Collaboration Timeframe   

> 3 years ago (before 2018) 54.22 45 

Last year until now (between 2021 - 2022) 25.30 21 

3 years ago (between 2018 - 2020) 18.07 15 

Not Available 2.41 2 

Total  83 

   

Source: Authors self-work 

 

 
RESULTS 
 

All data were analysed in the measurement model and the structural model analysis with 
the detailed step below. 
 
Measurement Model Analysis 

The measurement model analysis is to evaluate the size and significance of loadings, 
reliability, and convergent and discriminant validity. Based on Hair (2019), the threshold for 
reliability is with Cronbach’s alpha value ≥ 0.50 which represents “satisfactory to good” when 
interpreting internal consistency reliability results since this research is considered a social science 
research and based on calculation, all the construct are reliable and valid. 

The constructs are valid and reliable if all the Cronbach’s alpha, reliability, and Average 

Variance Extra (AVE) values are above the threshold (Cronbach’s alpha: ≥ 0.50; Reliability: ≥ 0.70 
and AVE ≥ 0.50). Based on the calculation, all constructs are valid and indicate that, on average, 
the constructs explain more than 50% of the variance of their indicators. Only one construct and 
one dimension have a validity value below the threshold which is constructed knowledge 
acquisition (Cronbach’s alpha: 0.825 and AVE: 0.496) and dimension direct exchange acquisition 
(Cronbach’s alpha: 0.593 and AVE: 0.418), but both have reliability values (0.873 and 0.749) that 



is still above the threshold. The construct and dimension still can be included since its reliability is 
above the threshold (≥ 0.5). 

Based on the PLS Algorithm calculation for 63 indicators, the outer loading result also 
shows that most of the indicators are above the threshold, ≥ 0.708 (Hair, 2019) except for SAP5 
(0.118), JLSSA9 (-0.057), and KAD4 (0.050). Those three indicators are reverse questions and 
some of the respondents submitted the answer mistakenly. The PLS Algorithm was recalculated 
for the remaining 60 indicators, after taking out those three indicators. All latent shown reliability 
since the Cronbach’s Alpha’s values are above the threshold, ≥ 0.7 (Hair, 2019) and all outer 
loading values are above the threshold, ≥ 0.5 (Hair, 2019) except for one dimension from exchange 
acquisition (Cronbach’s alpha: 0.679 and AVE: 0.521) but still has good reliability values (0.810) 
that is still above the threshold (≥ 0.5) and that makes this dimension still can be included in the 
calculation. 

The next assessment is the discriminant validity assessment and based on Hair (2019), the 
objective of the assessment is to measure the correlation of indicators of a construct represented by 
comparing it with other constructs in the research model. Hair (2019) set the threshold above 0.7 
for a direct comparison of the AVEs of two constructs to the shared variance between the two 
constructs. Based on the Fornell-Larcker Criterion, all constructs already met the threshold after 
deleting 3 indicators: DICC4, KAD1, and JLST3. After deleting those indicators, each represents 
construct has a value above the other constructs, the example given for construct strategic alliance 
performance has the highest value (0.864) for its correlation with strategic alliance performance 
compared to the correlation value with other constructs. There is still one construct, surfacing, that 
has a value below joint learning structure (0.784 versus 0.820) but since this construct only has the 
remaining 3 indicators, this construct can be included in the calculation to make the construct well 
represented by their indicators.   

Still, in discriminant validity assessment, the cross-loading assessment tries to measure that 
each indicator in the construct represents the highest value compared to the correlation value with 
other constructs. The example given in the cross-loading assessment for constructing strategic 
alliance performance has the highest value on its indicators SAP1 (0.872), SAP2 (0.899), SAP3 
(0.808), SAP4 (0.935), SAP6 (0.802) for its correlation with strategic alliance performance 
compare to the correlation value with other constructs: relationship capital, surfacing, joint 
learning structure, knowledge acquisition, and dynamic learning capability. The last assessment 
in discriminant validity is the heterotrait-monotrait ratio (HTMT) assessment based on Hair (2019) 
defined as the mean value of the indicator correlations across constructs relative to the mean of 
the average correlations of indicators measuring the same construct with the threshold is ≤ 0.90 
(Hair, 2019). The bootstrapping procedure was conducted with 500 subsamples default setting and 
based on the result showed that most of the indicators met the HTMT ratio threshold (≤ 0.9). 

 
Table 2. Heterotrait-Monotrait Ratio (HTMT) 

 
No Variables Strategic 

Alliance 
Performance 

Dynamic 
Learning 

Capability 

Relationship 
Capital 

Surfacing Joint 
Learning 
Structure 

Knowledge 
Acquisition 

1. Strategic 
Alliances 
Performance 

1      

2. Dynamic 
Integration 
Capability 

0.867      

3. Relationship 
Capital 

0.745 0.777     

4. Surfacing 0.841 0.879 0.730    

5. Joint Learning 
Structure 

0.813 0.838 0.615 0.871   

6. Knowledge 
Acquisition 

0.831 0.893 0.773 0.864 0.821  

Source: Authors self-work 

 



Structural Model Analysis 
 
The next analysis is assessing the structural model analysis test that consists of assessing 

collinearity, evaluating the size and significance of the structural path relationship by assessing R², 
assessing the f² effect size, and evaluating the predictive relevance based on Q² (Hair, 2019). 

The first assessment of collinearity is by evaluated the Variance Inflation Factor (VIF) 
value for each indicator that need to be below the threshold (3). When the value is 3 there are likely 
to indicate a problem and when the value is above 5 there are indicate high collinearity among the 
indicators. Based on the calculation, all indicator’s value is below 3 except for Surfacing (4.267), 
Joint Learning Structure (3.330), and Knowledge Acquisition (3.244) but still acceptable since the 
value is still far below 5 (Hair, 2019).  

The second assessment is to evaluate the size and significance of the structural path 

relationship by bootstrapping and value the R² that need to be above the threshold (>0.05). R² 
value is between 0 to 1. Since 0 indicated no relationship and 1 is perfect relationship and the 
higher the value indicate the greater explanatory power of the structural model. R² values of 0.75; 
0.50 and 0.25 can be considered substantial, moderate, and weak, respectively. Based on the 
calculation, all R² values are above the threshold (>0.05). All the endogenous constructs have a 
moderate and substantial value since it’s between 0.50 and 0.75. R² of the Strategic alliance 
performance is 0.572 (57.2%), and dynamic integration capability is 0.678 (67.8%). 

The third assessment is to evaluate the f² effect size which is to determine if removing a 
predictor construct from the structural model has a substantive impact on the endogenous 
construct. Based on guidelines from Cohen (Hair, 2019), f ² values of 0.02; 0.15, and 0.35; 
respectively represent small, medium, and large effects of an exogenous construct, and effect sizes 
of less than 0.02 indicate that there are no effects. After the calculation, all the endogenous 

constructs showed small and medium effects than the threshold (≥ 0.02). The effect size (f²) of 
Dynamic Integration Capability:1.368; Relationship Capital: 0.067; Surfacing: 0.046; Joint 
Learning Structure: 0.053; Knowledge Acquisition: 0.059. 

The fourth assessment is to assess the predictive relevance based on Q². The blindfolding 
procedure is conducted to obtain the Q² value. The value threshold is > 0 since it indicates that the 
path model’s predictive accuracy is acceptable for that construct. After the calculation, all the 
endogenous constructs have a Q² value larger than zero and this indicates that the path model’s 
predictive accuracy is acceptable. The Q² value assessment for all endogenous constructs is above 
zero: Strategic Alliances Performance (0.385) and Dynamic Integration Capability (0.461).  

Hair (2019) mentioned that the path coefficient indicates a perfect positive relationship if 
the value is +1, no relationship if the value is 0, and a perfect negative relationship if the value is -
1. Based on the calculation, all path coefficient values are positive since the path Coefficients are 
between -1 to 1, and all correlations are significant also since the T statistic is ≥ 1.96 (Hair, 2019). 
The result also showed that all correlations are connected since the P-Values are below the 
threshold which is ≤ 0.05 (Hair, 2019) which can be seen in Figure 2. Path Diagram below. 

 



 
Source: Authors self-work 

Figure 2. Path Diagram  
 

 

The summary of the research results for five hypotheses can be seen below: 
 
H1 Relationship Capital is positively related to Dynamic Integration Capability is Accepted since the result is 
positive and significant (t-Value: 2.204 and P-Value: 0.014). 
 
H2 Surfacing is positively related to Dynamic Integration Capability is Accepted since the result is positive 
and significant (t-Value: 1.735 and P-Value: 0.042). 
 
H3 Joint Learning Structure is positively related to Dynamic Integration Capability is Accepted since the result 
is positive and significant (t-Value: 1.665 and P-Value: 0.048). 
 
H4 Knowledge Acquisition is positively related to Dynamic Integration Capability Accepted since the result is 

positive and significant (t-Value: 2.212 and P-Value: 0.014). 
 
H5 Dynamic Integration Capability is positively related to Strategic Alliance Performance is Accepted since 
the result is positive and significant (t-Value: 13.773 and P-Value: 0.000). 

 
 

Further investigation was carried out after analyzing the results from the quantitative data. 
Online interviews were conducted with public institutions and five of their strategic alliances. This 
action was taken to have a comprehension of the actual conditions. The interview’s questions were 
focused on diverse aspects, including activities, processes, potential future initiatives, expected 
outcomes, and also key factors in the integration process.  

 

 
DISCUSSION  

Dynamic integration capability influences strategic alliance performance. The construct 
knowledge acquisition (t-value: 2.212; p-value: 0.014) has the most significant effect on dynamic 
integration capability, while the construct joint learning structure (t-value: 1.665; p-value: 0.048) 
has the least. All the endogenous constructs demonstrated small to medium effects. The effect sizes 

RELATIONSHIP 
CAPITAL

SURFACING

JOINT 
LEARNING 

STRUCTURE

KNOWLEDGE 
ACQUISITION

STRATEGIC
ALLIANCES 

PERFORMANCE

DYNAMIC 
INTEGRATION 

CAPABILITY

LEARNING FRAMEWORK

H5 Supported
13.773 (0.000)

H1 Supported
2.204 (0.014)

H2 Supported
1.735 (0.042)

H3 Supported
1.665 (0.048)

H4 Supported
2.212 (0.014)



(f²) are as follows: Dynamic Integration Capability: 1.368, Relationship Capital: 0.067, Knowledge 
Acquisition: 0.059, Joint Learning Structure: 0.053, Surfacing: 0.046. 

The research findings show that knowledge acquisition has the most significant impact on 
dynamic integration capability, with a t-value of 2.212 and a p-value of 0.014. This is evident in 
the knowledge acquisition dimension, especially in relation to the question KAA_3: "In 
collaboration with the alliance institution, we develop partnerships and cooperation with 
participants for joint research projects." This question obtains the highest average score in the 
survey. These results suggested that public institutions and strategic alliances are effectively 
promoting cooperation through joint research projects, which significantly improve the knowledge 
acquisition process. Furthermore, the research’s findings align with previous literature by Ortiz, 
Donate, and Guadamillas (2018), which mention that external knowledge acquisition—through 
direct market exchanges and strategic alliance agreements—positively impacts strategic alliance 

performance through dynamic integration capability. 
Joint learning structure is the construct with the lowest impact on dynamic integration 

capability (t-value of 1.665 and a p-value of 0.048). This is evident in the dimension of teamwork 
related to problem-solving, especially in the question JLSTS_1. In collaboration with the alliance 
institution, we encourage employees to work together to achieve common goals, rather than 
fostering competition among individuals. This result shows an opportunity for improvement, 
especially in our programs that promote teamwork. We should think carefully to performing an 
incentive program that supports teams to collaborate in achieving the alliance’s objectives, rather 
than competing against one another. 

The other area for enhancement lies within the relationship capital construct, especially 
regarding the trust dimension, as featured by question RCT_3. We trust the alliance institution's 
ability to implement our shared objectives. This proposes that we can improve our performance 

by determining a coordination program to define the particular objectives of each strategic alliance. 
Consequently, we can encourage the initiation of new knowledge that will escalate the 
effectiveness and utility of the strategic alliance itself. In addition, there is area for improvement in 
the surfacing construct, particularly related to the information internalization dimension, as 
indicated by question SII_3. Employees involved in the alliance are entitled to access all relevant 
information from our organization. We should give all employees with access to a knowledge-
sharing platform, along with regular socialization of this knowledge through webinars, policy 
updates, and also workshops with colleagues. Finally, regarding the dynamic integration capability 
construct (t-value: 1.735; p-value: 0.042) from question DICC_3, we recognize the importance of 
interrelating our actions with those of the alliance institution to adapt to changing conditions. To 
enhance this aspect, both parties (the alliance institution and its partners) could arrange routine 
gatherings, workshops, or group discussions to coordinate and strategize for predicted changes. 

 
CONCLUSION 

The conclusions taken from the research findings indicate that all hypotheses have been 
accepted. This indicates that all constructs from the learning framework (relationship capital, 
surfacing, joint learning structure, and knowledge acquisition) impact the dynamic integration 
capability. The limitations of this research come from the specific types of strategic alliances 
studied in the learning area, mainly prioritizing on joint research activities and collaborative 
learning programs (co-creating syllabus, discussions, and also other related activities). 
Furthermore, the research is specifically only to public institutions. Future studies could extend 
the area to include different sectors and types of organizations. Research could consider not only 
the learning area but also other significant domains, such as operations, innovation, and services. 
Different industries (manufacturing and services) and types of companies (private enterprises) that 

seek to acquire new knowledge or technology can also be explored. Longitudinal studies could 
also be a precious approach for future research, as they may contribute insights for enhancement 
over time. In addition, other dynamic capabilities, such as dynamic reconfiguration capability 
(Abbas, Raza, Nurunnabi, Minai, and Bano in 2019), deserve to explore further. 

 
 



FUNDING   STATEMENT:   This research did not receive any specific grant from funding 
agencies in the public, commercial, or not - for - profit sectors. 
 
 
CONFLICTS  OF  INTEREST:  The author declares no conflict of interest. 
 

 
REFERENCES 

 
[1] Arief, A., Wahab,I. H., and Muhammad, M. (2021). Barriers and challenges of e-government services: A 

systematic literature review and meta-analyses. IOP Conference Series.Materials Science and 

Engineering, 1125(1). doi:http://dx.doi.org/10.1088/1757-899X/1125/1/012027. 
[2] Breque, M., Nul, L. De, & Petridis, A. (2021). Industry 5.0: Towards more sustainable, resilient and human-

centric industry. European Commission. https://ec.europa.eu/info/news/industry-50-towards-more-

sustainable-resilient-and-human-centric-industry-2021-jan-07_en. 
[3] Chen, Yu-Che, and Hsieh, Tsui-Chuan (2014). Big Data for Digital Government: Opportunities, challenges, 

and Strategies. International Journal of Public Administration in the Digital Age. 1(1), 1-14, January-March 
2014. DOI:10.4018/IJPADA.201410101. 

[4] Chrisanty, Febri N., Gunawan, M.S., Wijayanti R.W., Soetjipto B.W. (2021). The Role of Transformational 
Entrepreneurship, Readiness to Change and Counterproductive Work Behavior in Enhancing Employee 

Performance. Organizacija Volume 54. Sciendo. DOI: 10.2478/orga-2021-0005. 

[5] Chrisanty, Febri N., Rachmawati, R., Tjiptoherijanto, P. (2024). Creating Dynamic Learning Capability in 
Learning Framework through Strategic Alliance. Organizacija Volume 57. Sciendo. DOI: 10.2478/orga-2024-

0003. 
[6] Davenport, T.H. and Prusak, L. (1998). Working Knowledge. How Organizations Manage What They Know, 

Harvard Business School Press, Boston, MA. 
[7] Dhaundiyal, Mayank., Coughlan, Joseph. (2020). The impact of alliance justice capability on the performance 

of strategic alliances in the Indian IT sector: the mediating role of inter-firm commitment. Cogent Business & 

Management (2020), 7: 1719587. https://doi.org/10.1080/23311975.2020.1719587. 
[8] Fey, C. and Birkinshaw, J. (2005). External sources of knowledge, governance mode, and R&D performance. 

Journal of Management, Vol. 31 No. 4, pp. 597-621. 
[9] Furnival J., Boaden R., Walshe K. (2019). A dynamic capabilities view of improvement capability. Journal of 

Health Organization and Management. Vol.33 No. 7/8, pp.821-823. DOI 10.1108/JHOM-11-2018-0342. 
[10] Fu, Tao and Ji, Yonghan (2024). Government-University Relationship in China’s AI Talent Development: A 

Triple Helix Perspective. SAGE Open April-June 2024: 1–15. DOI: 10.1177/21582440241259012.  

[11] Galeazzo A., Furlan A., Vinelli A. (2016). The organizational infrastructure of continuous improvement – an 
empirical analysis. Springer. DOI 10.1007/s12063-016-0112-1. 

[12] González-Pérez, L. I., and Ramírez-Montoya, M. S. (2022). Components of education 4.0 in 21st century skills 
frameworks: Systematic review. Sustainability, 14(3), 1493. doi:http://dx.doi.org/10.3390/su14031493. 

[13] Hair, Joseph F., Black, William C., Babin, Barry J., Anderson, Rolph E. (2019). Multivariate Data Analysis. 
Pearson Prentice Hall. Eighth Edition.  

[14] Hijal-Moghrabi, I., Sabharwal, M., & Ramanathan, K. (2020). Innovation in public organizations: Do 
government reforms matter?. The International Journal of Public Sector Management, 33(6), 731-749. 

doi:http://dx.doi.org/10.1108/IJPSM-04-2020-0106. 
[15] Jiang, Wei., Mavondo, Felix T., and Matanda, Margaret J. (2015). Integrative capability for successful 

partnering: a critical dynamic capability. Management Decision, vol.53 Iss 6 page.1184-1202. 
https://doi.org/10.1111/j.1467-6486.2006.00675.x. 

[16] Kurniasari, Florentina., Lestari E. D. (2024). Strategic enablers: Unveiling crucial drivers for managerial 

adoption of electronic resources planning. Problems and Perspectives in Management, 22(1), 295-309. 
doi:10.21511/ppm.22(1).2024.25 

[17] Lenart-Gansiniec R (2016). Relational capital and open innovation—in search of interdependency. Procedia-
Soc Behav Sci 220:236–242. 

[18] Lestari, Elissa D., Hamid, Nadiah A., Shamsuddin, R., Kurniasari, F., Yaacob, Z. (2024). Investigating the 
factors of SMEs’ business resilience in thepost-pandemic crisis of COVID-19 with technology adoption as a 

quasi-moderator: a multigroup analysis of Indonesian and Malaysian SMEs. Cogent Business & ManageMent, 

2024, VoL. 11, no. 1, 2301135. https://doi.org/10.1080/23311975.2023.2301135.  
[19] Morrison, Michael & Mezentseff, Larissa. (1997). Learning alliances – a new dimension of strategic alliances. 

Management Decision, Vol.35 Iss 5 pp.351-357.  http://dx.doi.org/10.1108/00251749710173715. 
[20] Mikalef, P. and Pateli, A. (2017). Information technology-enabled dynamic capabilities and their indirect effect 

on competitive performance: findings from PLS-SEM and fsQCA, Journal of Business Research, Vol. 70, pp. 
1-16. 

[21] Nguyen P.T.M, Mai K.N, and Nguyen P.N.D (2021). Alliance Management Practices for Higher Trust, 

Commitment and Inter-Organizational Relationship Performance: Evidence from Travel Companies in 
Vietnam. Sustainability 2021, 13, 9102.   

https://ec.europa.eu/info/news/industry-50-towards-more-sustainable-resilient-and-human-centric-industry-2021-jan-07_en
https://ec.europa.eu/info/news/industry-50-towards-more-sustainable-resilient-and-human-centric-industry-2021-jan-07_en
https://doi.org/10.1080/23311975.2020.1719587
https://doi.org/10.1111/j.1467-6486.2006.00675.x
http://dx.doi.org/10.1108/00251749710173715


[22] Ortiz B., Donate M. J., and Guadamillas, F. (2018). Inter-organizational social capital as an antecedent of a 
firm’s knowledge identification capability and external knowledge acquisition. Journal of Knowledge 

Management, Vol.22 No.6 2018, pp. 1332-1357. Emerald Publishing Limited. DOI:10.1108/JKM-04-2017-
0131. 

[23] Osterberg, R. (1993). A New Kind of Company with a New Kind of Thinking. The New Paradigm in Business, 
Putnam, New York. 

[24] Paul DC, Robert BH, Benn L, Kenneth JP. (2006). Creating supply chain relational capital: the impact of 

formal and informal socialization processes. J Oper Manag 24:851–863. 
[25] Popa, I., Dobrin C., Popescu D. and Draghici M. (2011). Competitive Advantage in The Public Sector. 

Theoretical and Empirical Researches in Urban Management, Vol. 6 Issue 4, November 2011.   
[26] Rada, M. (2017). INDUSTRY 5.0 definition. Retrieved March 7, 2022, from https://michael-rada.medium. 

com/industry-5-0-definition-6a2f9922dc48. 
[27] Rashidirad, M. and Salimian H. (2020). SMEs’ dynamic capabilities and value creation the mediating role of 

competitive strategy. European Business Review, Vol.32 No.4, 2020 pp.591-613. Emerald Publishing Limited. 

DOI 10.1108/EBR-06-2019-0113. 
[28] Roblek, V., Meško, M., & Podbregar, I. (2021). Mapping of the Emergence of Society 5.0: A Bibliometric 

Analysis. Organizacija, 54(4), 293–305. https://doi. org/10.2478/orga-2021-0020. 

[29] Rupčić, N. (2020). Guest editorial. The Learning Organization, 27(4), 277-289. 

doi:http://dx.doi.org/10.1108/TLO-05-2020-254. 
[30] Savino, T., Messeni Petruzzelli, A. and Albino, V. (2017). Search and recombination process to innovate: a 

review of the empirical evidence and a research agenda. International Journal of Management Reviews, Vol. 

19 No. 1, pp. 54-75. 
[31] Schuh, Anderl, Dumitrescu, Kruger, Hompel. (2020). Industrie 4.0 Maturity Index. Managing the Digital 

Transformation of Companies Update 2020. Acatech – national Academy of Science and Engineering.  
[32] Shan, L., Dan, L., Qiu, Yu-mou. (2018). Study of the impact mechanism of inter-organizational learning on 

alliance performance-with relationship capital as the mediator. Neural Computing and Applications. 
https://doi.org/10.1007/s00521-018-3783-8. 

[33] Yue, Qie., Hua, Xinf., Quan, Mei., (2018). Structural equation model analysis of information systems in 

cooperative organizations: focusing the role of cooperative organizations: focusing the role of cooperative 
experience and information process mechanism. Springer-Verlag GmbH Germany, part of Springer Nature 

2018. https://doi.org/10.1007/s10257-018-0387-x. 
[34] Yoshino, M., & Rangan., S. (1995). Strategic alliances: An entrepreneurial approach to globalization. Boston: 

Harvard Business School Press. 

https://doi.org/10.1007/s00521-018-3783-8
https://doi.org/10.1007/s10257-018-0387-x




  

 

Running head/short 
title 

 
 
 
 

1357 
 
 
 
 

 
Submitted:  

February 1, 2025 
 

Revised:  
June 23, 2025 

 
Accepted:  

June 28, 2025 
 

Published Online:  
July 31, 2025 

 
 

JIMKES 
 

Jurnal Ilmiah Manajemen  

Kesatuan 
Vol. xx No. xx, 20xx 

pp. xx-xxx 

IBI Kesatuan 

ISSN 2337 – 7860  

E-ISSN 2721 – 169X 
DOI: 10.37641/jimkes.v11i2.1750 

 

Table 3. Appendix Questionnaires List 
 

No Code Questions SLF 

1. Trust 

 RCT_1 

RCT_2       

RCT_3 

RCT_4 

We trust that the alliance institution’s decisions are 
beneficial for both parties.  
We trust the alliance institution’s professional 
competence and abilities. 
We trust the alliance institution’s ability to implement 
the objectives. 
We highly trust the alliance institution through the 
formal contracts. 

 

0.885 

0.869 

0.843 

0.907 

2. Commitments 

 RCC_1 

RCC_2 

RCC_3 

RCC_4 

We have a strong sense of loyalty to the relationships 
with the alliance institution. 
We dedicate enough resources to maintain the 
relationships with the alliance institution. 
We always try to improve the management of the 
relationships with the alliance institution.  
We will definitely continue the relationships with the 
alliance institution.  
 

0.894  

0.880 

0.863 

0.849 

3. Information Acquisition (IA) 

 SIA_1 
 
SIA_2 
 
 
SIA_3 

In alliance with the alliance institution, we archived all 
the history and information of the alliance. 
In alliance with the alliance institution, we record all 
important results and problems in the alliance in text or 
other forms (e.g. manually recorded, dashboard system). 
In alliance with the alliance institution, we regularly 
report major events to the organisation management 
team. 
 

0.761 
 

0.768 
 
 

0.753 

4. Information Encoding (IE) 

 SIE_1 

 
 
SIE_2 
 
 
SIE_3 

In alliance with the alliance institution, we form and 

gradually improve our organisation’s method of 
managing the alliance. 
In alliance with the alliance institution, we have an 
alliance manual and other documents to guide decision-
making during the alliance period. 
In alliance with the alliance institution, we summarised 
the experience of the alliance that spreads to all other 
alliances 
 

0.868 

 
 

0.814 
 
 

0.830 

5. Information Sharing (IS)  

 SIS_1 
 

 
 
SIS_2 
 
 
 
 

In alliance with the alliance institution, we regularly 
exchange alliance information and experiences (e.g. 

webinars, policy news, workshops) with other colleagues 
of our organisation. 
In alliance with the alliance institution, we often 
exchange information and experience from the alliance 
(such as through webinars, policy news, and workshops) 
with the managerial staff of our organisation’s other 
alliances via an informal process. 

0.814 
 

 
 

0.827 
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No Code Questions SLF 

SIS_3 In alliance with the alliance institution, our 
organisation encourages us to share alliance 
management experience (such as through webinars, 
policy news, and workshops) with other managerial 
staff in our organisation.  
 

0.763 

6. Information Internalization (II) 

 SII_1 
 
 
SII_2 

 
 
SII_3 

In alliance with the alliance institution, we provide 
information on training and research programmes for 
employees participating in the alliance. 
In alliance with the alliance institution, we provide 

external training for employees participating in the 
alliance. 
In alliance with the alliance institution, employees 
participating in the alliance are entitled to use all the 
alliance information of our organisation. 
 

0.756 
 
 

0.709 

 
 

0.676 

7. Strategic Alignment 

 JLSSA_1 
 
 
JLSSA_2 
 

 
JLSSA_3 
 
 
JLSSA_4 
 
 
 
JLSSA_5 
 
 

JLSSA_6 
 
JLSSA_7 
 
 
JLSSA_8 
 
 
JLSSA_9 

In alliance with the alliance institution, in our 
organisation, the goals, objectives, and strategies of the 
alliance are communicated to us. 
In alliance with the alliance institution, potential alliance 
objectives are screened for consistency with our business 

strategy. 
In alliance with the alliance institution, at our 
organisation, the alliance process is kept in step with our 
business strategy. 
In alliance with the alliance institution, we believe that 
focusing on the long-term alliance will lead to better 
overall performance than focusing exclusively on short-
term goals. 
In alliance with the alliance institution, we routinely 
review and update a long-range strategic plan for 
alignment with the alliance.  

In alliance with the alliance institution, our 
organisation’s functions work interactively. 
In alliance with the alliance institution, the functions in 
our organisation cooperate to resolve conflicts between 
them when they arise. 
In alliance with the alliance institution, we emphasise 
the importance of good organisational inter-functional 
relationships. 
In alliance with the alliance institution, we are not 
encouraged to communicate well with different 
functions in the organisation. (Reverse Question) 
 

0.792 
 
 

0.782 
 

 
0.667 

 
 

0.641 
 
 
 

0.795 
 
 

0.836 
 

0.791 
 
 

0.688 
 
 

NA 

8. Teamwork for problem solving  

 JLSTS_1 
 
 
 
JLSTS_2 
 

In alliance with the alliance institution, we encourage 
employees to work together to achieve alliance common 
goals, rather than encourage competition among 
individuals. 
In alliance with the alliance institution, we form teams 
to solve alliance problems. 

0.640 
 
 
 

0.730 
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JLSTS_3 
 
 
JLSTS_4 
 
 
JLSTS_5 
 
 
JLSTS_6 

In alliance with the alliance institution, employee teams 
are encouraged to try and solve alliance problems 
independently as much as possible. 
In alliance with the alliance institution, we are 
encouraged to make suggestions related to the alliance 
on improving performance at this organisation. 
In alliance with the alliance institution, we encourage 
employees to exchange opinions and ideas related to the 
alliance.  
In alliance with the alliance institution, we encourage 
employees to work as a team related to this alliance. 

 

NA 
 
 

0.735 
 
 

0.812 
 
 

0.782 

9. Goals Management Systems 

 JLSGS_1 
 
 
JLSGS_2 
 
 
 
JLSGS_3 
 
 

JLSGS_4 

In alliance with the alliance institution, our reward 
system truly recognises the people who contribute the 
most to our organisation related to the alliance.  
In alliance with the alliance institution, the incentive 
system at this organisation is fair at rewarding people 
who accomplish company objectives through the 
alliance. 
In alliance with the alliance institution, the incentive 
system at this organisation encourages us to reach the 
organisation’s goals through the alliance. 

In alliance with the alliance institution, our incentive 
system encourages us to pursue the organisation’s 
objectives vigorously through the alliance. 
 

0.767 
 
 

0.710 
 
 
 

0.730 
 
 

0.716 

10. Direct Exchange Acquisition (D) 

 KAD_1 
 
KAD_2 
 
 
KAD_3 
 
 
KAD_4 
 
 
KAD_5 

In alliance with the alliance institution, we get the 
exquisites n the technological development organisation. 
In alliance with the alliance institution, we obtain 
knowledge of the alliance institution’s professional 
experience. 
In alliance with the alliance institution, we obtain 
knowledge from the external consultants or the alliance 
institution. 
In alliance with the alliance institution, we do not 
usually acquire technological licences. (Reverse 
Question) 
In alliance with the alliance institution, we acquire 
complex technology or knowledge and incorporate it 
into equipment, specialised machinery, or systems. 
 

NA 
 

0.711 
 
 

0.728 
 
 

NA 
 
 

0.594 

11. Alliances (A) 

 KAA_1 
 
KAA_2 
 
 
KAA_3 

In alliance with the alliance institution, we develop 
alliances and cooperation with other organisations. 
In alliance with the alliance institution, we develop 
alliances and cooperation with the organisation’s supply 
chain function. 
In alliance with the alliance institution, we develop 
alliances and cooperation with participants in the 
development of joint research projects. 
 

0.846 
 

0.847 
 
 

0.854 
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13. Dynamic Integration Capability (DIC): 

 DICC_1 
 
DICC_2 
 
DICC_3 
 
 
DICC_4 
 

In alliance with the alliance institution, we use networks 
as knowledge resources 
In alliance with the alliance institution, we are 
forthcoming in contributing our input to the group 
In alliance with the alliance institution, we carefully 
interrelate our actions to each other to meet changing 
conditions 
In alliance with the alliance institution, we record and 
integrate historical methods and experiences in handling 
organization issues 

 

0.859 
 

0.900 
 

0.818 
 
 

NA 

15. Strategic Alliances Performance (SAP) 

 SAP_1 

SAP_2 

SAP_3 

SAP_4 

SAP_5  

SAP_6 

The objectives for which this partnership with the 
alliance institution was established are being met. 
We are satisfied with the strategic alliance performance 
of the alliance with the alliance institution. 
The alliance institution appears to be satisfied with the 
performance of the alliance. 
We are satisfied with the overall performance of the 
alliance with the alliance institution. 
The alliance institution does not appear satisfied with the 
overall performance of the alliance. (Reverse Question) 

Our organisation’s capabilities have been greatly 
enhanced due to the alliance with the alliance institution. 
 

0.872 

0.899 

0.808 

0.935 

NA 

0.802 

 Source: Authors self-work 

 
 


